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Improvement for the Forecasting Method of the Nikkei Stock Average
using Deep Learning ~Adopting for Minibatch Learning~
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The purpose of this study is to improve the accuracy of the Nikkei Stock Average forecast so that an increasing

number of individual investors can use it as an indicator for selecting stocks and timing their trades. In this study, I
considered Nikkei Stock Average forecast using deep learning with LSTM and CNN. In addition, this study
compared these accuracies by introducing improvements such as hyperparameter tuning and minibatch learning,

adding a new optimization algorithm, and relaxing the correctness criterion. As a result, the hyperparameter tuning

improved the accuracy, but the minibatch learning didn’t improve the accuracy.
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